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Multi-agent systems in real world require agents to act effectively and autonomously. Particularly
RoboCup Soccer is used as a standard multi-agent environment and is known to be one of the most
difficult tasks and challenging problems in complex, real-time domains. It is difficult to create intelligent
agents for RoboCup Soccer because the environment of soccer is very complex. The Reinforcement
Learning is one of the most promising approaches to create agents for such complex environments. In
this paper, we apply Reinforcement Learning to RoboCup Simulation League. As a result, we show the
effectiveness of multi agents created by Reinforcement Learning.



