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RICBEE £ 13, WMEMEZBBLUARRNS ENETBETHEIHLZIHKEL THRLEZRT.
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&1 RAEBOE Type llBIT2FERMOIER

Agent Cargo
Avg. Stdv. [ Avg. Stdv.
Typel | 13.05  0.82 6 0
Type2 | 29.39 1.34 11 0
Type3d | 25.91 1.13 9.2 0
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10 % Case X B2 0T dhiR

HEMEIR FEOBEIVSETHERTHS. Thbb, RETHR I SMEEERDOMLEE VTR
W2 LB TH B ESVNN. ARSI, BEOHE TIIREZMBCR 2N - EMEIKRD S
NENSTHS. TOED, BILEEI—x 2 MNIFEDHOERY S BEEBRT B E biithid
52N, Fy ROy Z2a80RBETHSR5E, I—Jx b RESTY RO 7 24l TE#T 3 Z
EMBEELARS. AERICBITSFy ROovrid, 2 BIIRLAELIZI—V x> MR L 2R,
DR AICEMT B ETHD. 5. BETHRREEIIZ, HYUNEDPHYICEOREEYICEMT S &
CEBLTEXDE, Tz NIHMDORICESYNH D0 UEEYMSH 2B IRy ZIHT
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£2 £ Case TBIDFHRMOKE

Agent Cargo

Avg.  Stdv. [ Avg. Stdv.
Casel | 18.10 0.94 3 0
Case2 | 22.74 1.22 7 0
Case3 | 19.47 1.00 9 0
Cased | 39.09 1.55 12 0
Caseb | 43.53 1.30 15 0
Case6 | 31.14 1.23 18 0
Case7 | 45.74 2.39 21 0
Case8 | 37.31 3.55 24 0

I—Jx 2 MZHALGETH I LITLD, BEEHI—J x> MIBESISRESM - ENE2H - TH
BAZMBIRT D LRI LEAOND. BARABEZRAVWIRILFE I -V NOAESEEZILF
I-Jx P hOBETHIEMHEETRL TN, SEOBEELT, Fv Roy 7 250BEBICBN
THXHRY TRELAI-—Sz U M EHTH D EE2RIET 3.
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Reinforcement Learning (RL) is a learning method by trial-and-error search and delayed reward, and
RL is expected as a technology to apply to real world problems. The problems containing the state of
DeadLock appear in real world problems. If agent is in the state of DeadLock, agent cannot solve a
problem. In the problem containing DeadLock, it is important to verify the performance of RL-agent.
However, as far as we know, there is no research report which verifies it so far.

In this paper, we investigate the performance of RL-agent using Profit Sharing, and evaluate it in
the environment containing DeadLock. We take up the Sokoban problem as one of the environment
containing DeadLock. To evaluate RL-agent in an environment containing DeadLock, we test various
environments using RL-agent. We also describe an improving point when RL-agent solves Sokoban.



