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Neural networks, which imitate the process of the human brain, have been applied to a wide
range of problems including artificial intelligence discrimination, and pattern realization. The back
propagation is the most widely used learning algorithm in neural networks, because of its simplicity
and performance superiority compared with feed-forward type neural networks. Notwithstanding,
the back propagation has some drawbacks in terms of stability and convergent speed when applied
to large scale problems. In order to improve these network, many approaches have been proposed
by different researchers. Recently, the lyapunov number algorithm was proposed. This algorithm
aims at stable convergence by positively using chaotic conditions during the convergence process.
In this paper, we investigate the possibility of an application of the lyapunov number algorithm
to pattern recognition from the view points of stability and convergence speed.



